Ry MANEMIZTHMIO NEIPAIQZ
/‘.!/Jﬁ, n.n.M.Z.
=] UNIVERSITY OF PIRAEUS E X N H

TH
TMHMA YHOIAKQN NOHMOZYNH DEMdRITOS
LYLTHMATOQN INZTITOYTO HAHPO®OPIKHE
KAI THAEIIKOINONIQN

IIpotewvoueveg Oepatikeg AUTAOUATIK®OV
Epyacwov:

v

Ao
KaBnynt I'ewpylo Bovpo
Ampiliog 2026

A. Safe Reinforcement Learning (Ac@aing Evioyvaxkr MaOdnon)
Description: Theses in this thematic area aim to study state of the art safe reinforcement
learning algorithms and develop novel ones with performance guarantees, demonstrating
their performance in benchmarking settings.
The goal is challenging given that most safe reinforcement learning algorithms, training
models through exploration, make unsafe decisions during training and inference and do not
have performance guarantees. In many applications, unsafe decisions are undesirable even
at the training phase.
This area shares a lot with control theory and has many applications in foundational models
and robotics.
The focus is in reinforcement learning, although methods from control theory may also be

investigated in combination with reinforcement learning methods.

Goals and Deliverables:

- A safe reinforcement learning algorithm with state of the art results on benchmarks

- Theoretical results with respect to performance bounds and safety guarantees of
reinforcement learning algorithms

Specific learning outcomes:

- Specialization in practical and theoretical aspects of deep reinforcement learning

- Specialization in safe decision making in high-stakes domains
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B. Ontology Alignment through Linguistic Reinforcement Learning with
Foundational models
(Avaotoiion Ovroroywwv pe alomoinon OepeAmwdov povieAwv kat ypron
evioyvTikng padnong facifopevng otn yAwooa)
Description: Ontologies are artifacts for describing data in semantically valid ways,
formalizing domain and data conceptualizations. Their necessity to combine distinct and/or
fragmented, disparate and multi-modal data sources is of importance to allow agents to
reason jointly, providing context to their reactions and reasoning tasks. However, having
multiple ontologies describing distinct data sources is a major problem, as these may
describe common terms and relations in different ways, at different levels of abstraction etc.
By aligning ontologies, we aim to find semantic correspondences between ontology elements,
with the objective agents to share knowledge by mapping entities from their own ontology to
others, obtaining a common context.
The use of LLMs, providing rich linguistic and domain knowledge, aim to enhance the
discovery of semantic relations among ontology entities. Foundational models for different
data modalities (e.g. VLMs) can help in aligning ontologies with respect to multi-modal data.
Theses in this thematic area aim to address the ontology alignment problem with the use of
foundational models, also investigating the use of reinforcement learning techniques in this
context.
The focus regarding novelty can be either in reinforcement learning, or in ontology alignment

or in both.

Goals and Deliverables:

- Linguistic reinforcement learning method under semantic constraints

- A method for ontology alignment using foundational models and reinforcement learning
techniques

- Results from evaluating the proposed method in Ontology Alignment Evaluation

Initiative benchmarks.

Specific learning outcomes:

- Specialization in linguistic reinforcement learning methods with foundational models

- Specialization in ontology alignment with the assistance of foundational models
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